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Identifying Unacceptable Attribute Levels in Preference Measurement: 
A Framework to Explain Differences between Methods 
 
Summary 
Measuring customer preferences is a typical aspect of management. Results can be used to 
segment markets or to define prices. Due to increasing competitive pressure in many markets, 
preference measurement has enjoyed much attention in research and practice. However, assessing 
customer preferences prior to the market introduction of new products does not always influence 
new product success rates. This indicates that, when applying these methods, one should consider 
factors that influence the quality of results. Unacceptable attribute levels could heavily distort 
estimates. In this paper, we focus on this problem. Researchers should eliminate unacceptable 
attribute levels in a first step, before assessing preferences. Two approaches could be used to 
identify unacceptable attribute levels: a direct method and an indirect method. We develop a 
theoretical framework and show that both approaches evoke different information processing 
strategies and, ultimately, differing evaluations. This is important, as past research has primarily 
focused on direct respondent evaluations to identify those levels. Such an evaluation task seems 
problematic, as respondents tend to mistakenly define attribute levels as unacceptable, but accept 
them in a later stage in a questionnaire. In an empirical study, we show that applying an indirect 
approach can avoid these problems. 
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Executive Summary (German) 
Im Rahmen von Marktforschungsstudien werden häufig Kundenpräferenzen erfasst. Auf Basis 
dieser Daten sind eine Reihe von Managemententscheidungen möglich: so z.B. die Bildung und 
Bearbeitung  von  Kundengruppen,  die Prognose von Marktanteilen  für Neuprodukte  und  die 
Festlegung von marktgerechten Preisen. Obwohl die Erfassung von Präferenzen inzwischen eine 
in der Praxis übliche Vorgehensweise ist, ist der Anteil der nicht erfolgreichen 
Neuprodukteinführungen noch immer hoch. Teilweise wird deshalb davon ausgegangen, dass die 
Verfahren zur Präferenzmessung nicht effektiv und die Marktanteilsschätzungen häufig verzerrt 
sind.  
Verzerrte Schätzungen können u.a. durch völlig unakzeptable Ausprägungen im untersuchten 
Eigenschaftsset hervorgerufen werden.  Eine Grundannahme vieler Methoden zur 
Präferenzmessung ist, dass keine völlig unakzeptablen Eigenschaftsausprägungen untersucht 
werden. Dies bedeutet letztlich, dass der Marktforscher davon ausgeht, dass für die Kunden 
sämtliche am Markt verfügbare Alternativen akzeptabel sind; dies ist eine Annahme, die in vielen 
Branchen  offensichtlich  falsch ist.  Werden innerhalb der Präferenzmessung unakzeptable 
Ausprägungen vor der Schätzung der Präferenzwerte nicht  ausgeschlossen, können diese die 
Ergebnisse verzerren. Deshalb gibt es eine Reihe von Verfahren, bei denen unakzeptable 
Eigenschaftsausprägungen vor der eigentlichen Präferenzmessung eliminiert werden können. Oft 
werden völlig unakzeptable Ausprägungen direkt bestimmt  (beispielsweise  bei  früheren 
Varianten der ACA). Eine Reihe von Studien zeigt allerdings, dass bei einer direkten Erfassung 
von unakzeptablen Ausprägungen „zu viele“  Merkmalsausprägungen als „unakzeptabel“ 
identifiziert werden. Anhand eines Fallbeispiels  demonstrieren  wir, dass sowohl die 
Vernachlässigung als auch eine fehlerbehaftete Identifizierung von unakzeptablen Ausprägungen 
zu verzerrten Marktanteilsprognosen führen.  Aufgrund der Probleme bei der direkten 
Bestimmung von unakzeptablen Ausprägungen wird in der Praxis häufig davon abgeraten, 
unakzeptable Ausprägungen überhaupt zu berücksichtigen – allerdings bleibt so das Problem 
verzerrter Schätzungen weiter bestehen. 
Völlig unakzeptable Eigenschaftsausprägungen können aber auch indirekt, d.h. durch 
Einschätzung der Akzeptanz verschiedener Alternativen bestimmt werden (diese Vorgehensweise 
wird bei der ACBC genutzt). 4 
Im theoretischen Teil des Artikels zeigen wir, warum sich Bewertungen auf Basis von direkten 
und indirekten  Methoden  zur Ermittlung von unakzeptablen Ausprägungen systematisch 
unterscheiden. Basis dafür bilden Informationsverarbeitungsstrategien  bzw. Heuristiken, die 
Kunden bei der Einschätzung von Produkten nutzen können. Die Bewertung kann in der Realität 
„je Eigenschaft“ oder  „je Alternative“  erfolgen. Bei einer Bewertung „je Eigenschaft“ 
konzentriert sich ein Kunde bei der Einschätzung verschiedener Produkte jeweils auf ein 
Merkmal (z.B. den Preis), für das eine Maximal- oder Minimalausprägung festgelegt wird (z.B. 
der maximale akzeptierte Preis).  Auch für die anderen Produkteigenschaften könnten 
entsprechend Mindest- bzw. Maximalgrenzen bestimmt und so lange Produkte eliminiert werden, 
bis diese bei allen Eigenschaften ein akzeptables Niveau aufweisen. Alternativ ist es aber auch 
möglich, dass die Kunden die Produkte einzeln bewerten, d.h. bei einer Alternative werden 
sämtliche Eigenschaftsausprägungen simultan berücksichtigt und danach entschieden, ob dieses 
Produkt akzeptabel ist. Bisherige Studien zeigen, dass die Akzeptanz von Alternativen variiert, je 
nachdem, ob Kunden die Alternativen je Eigenschaft oder je Alternative bewerten. Analog gehen 
wir davon aus, dass Unterschiede zwischen einer direkten und indirekten Ermittlung von 
unakzeptablen Ausprägungen durch die Art der möglichen Bewertung hervorgerufen werden. Bei 
einer direkten Einschätzung werden den Befragungsteilnehmern einzelne Merkmale vorgelegt, 
die Ausprägungen können deshalb auch nur separat bewertet werden. Bei einer indirekten 
Erfassung  unakzeptabler Ausprägungen  können die Befragungsteilnehmer jedoch selbst 
entscheiden, welche Bewertungsstrategie (je Eigenschaft oder je Alternative) genutzt wird.  
Die Ergebnisse einer empirischen Studie zeigen, dass die postulierten systematischen 
Unterschiede zwischen direkten und indirekten Verfahren zur Bestimmung von unakzeptablen 
Ausprägungen bestehen. Bei einer indirekten Einschätzung werden deutlich weniger 
Ausprägungen  als unakzeptabel identifiziert. Mögliche Verzerrungen der Schätzergebnisse 
dadurch, dass zu viele Ausprägungen als unakzeptabel wahrgenommen werden, können so im 
Vergleich zu direkten Verfahren stärker vermieden; gleichzeitig aber Verzerrungen durch 
vorhandene unakzeptable Ausprägungen berücksichtigt werden.  
Manager und Marktforscher sollten deshalb bei der Messung von Kundenpräferenzen stärker auf 
indirekte Verfahren zur Bestimmung von unakzeptablen Ausprägungen zurückgreifen. 
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Executive Summary (English) 
Market research often seeks to assess customer preferences. Based on this data derived from 
preference measurement, companies can define target groups, predict market shares for newly 
developed products, and define prices. Although preference measurement is a commonly used 
method in practice, applying these approaches does not seem to positively influence newly 
introduced products’ success rates. Some researchers therefore believe that preference 
measurement methods may be ineffective and that estimates are often distorted. 
Distorted estimates may be due to completely unacceptable attribute levels assessed in a survey. 
Many approaches used to measure preferences are based on the assumption that no unacceptable 
attribute levels are used in the estimation phase. By this, many researchers assume that 
consumers would accept any product offered on the market. Clearly, this assumption is false in 
many markets. Unacceptable levels can distort estimates derived from preference measurement. 
Therefore, many methods enable researchers to identify such unacceptable levels. Unacceptable 
levels are often identified directly, i.e. respondents are asked to select an unacceptable attribute 
level. This approach is commonly used in practice (for example, previous versions of the ACA 
used this method). However, several studies show that a direct approach may end up with 
misleading results as “too many” levels are identified as “unacceptable”. Based on an example, 
we demonstrate that both not considering unacceptable levels and considering too many levels as 
unacceptable will heavily distort market share predictions. Owing to these problems when trying 
to identify unacceptable levels directly, it is often considered the better alternative to not consider 
unacceptable levels at all. However, this does not solve the problem of distorted estimates. 
Unacceptable levels can also be identified in an indirect manner, i.e. by surveying the acceptance 
of several alternatives (the ACBC applies this approach).  
In the theoretical part of our paper, we show that the type of approach used to identify 
unacceptable levels is likely to systematically influence the identification of unacceptable 
attribute levels. We base our arguments on research on consumer information search patterns. 
Consumers can apply attribute-based or alternative-based information processing strategies. 
When assessing alternatives based on attributes, a decision-maker defines cut-off levels for each 
attribute (e.g., a maximum price level) and then eliminates the alternatives that do not meet 
minimal requirements. In contrast, applying an alternative-based information processing strategy, 6 
consumers will assess each alternative separately, i.e. they will consider all features of a product 
and then decide whether or not to accept that alternative. Past research shows that acceptance of 
alternative offers differs depending on the information processing strategy applied by consumers. 
We assume that differences when identifying unacceptable levels are due to different information 
processing strategies induced by direct and indirect methods. Direct methods are limited to 
attribute-based decision strategies, since attributes are presented separately and no alternatives 
are therefore shown. In contrast, when using an indirect approach to identify unacceptable levels, 
respondents could apply both alternative-based and attribute-based strategies.  
The empirical study results show that we are able to confirm the theoretical assumptions 
proposed in this paper. The results differ systematically depending on the approach used to 
identify unacceptable levels. When applying an indirect method, less attribute levels are 
considered unacceptable. This avoids possible distortions of estimates due to the fact that direct 
methods eliminate too many levels because they were considered unacceptable.  
We therefore propose that managers as well as market researchers should consider the effects of 
unacceptable levels on preference measurement results and should also rely on indirect 









1  INTRODUCTION 
Measuring customer preferences is a typical aspect of marketing. In the past 35 years, 
hundreds of articles have been published on methods such as conjoint analysis and self-explicated 
approaches, among others. Our research seeks to improve product innovation activities’ success 
rates. Preference measurement is used before launching new products to gain insights on 
potential customers’ preference structures and, as a result, to develop products, set prices, and 
formulate communication strategies that meet these structure and customer needs. Based on these 
results, market shares and profits can be estimated (Green/Krieger/Wind 2001). If marketing 
decisions are based on preference data that do not consider that not all presented alternatives are 
acceptable, then product managers may launch inferior products because market share predictions 
are distorted, for example, they might be too optimistic. Since very few approaches consider 
unacceptable levels, it is therefore unsurprising that new product success rates have only 
improved minimally; clearly inferior products continue to be launched. Thus, existing approaches 
might be ineffective (Wind/Mahajan 1997). However, if too many attribute levels are considered 
‘unacceptable’ by a preference elicitation method, then this will also lead to distorted results. 
Again, marketing managers might introduce inferior products or might miss the opportunity to 
launch a promising new product. 
We therefore consider an explanation rarely addressed in preference measurement studies. 
Preference measurement estimates might be distorted due to decision rules applied by 
respondents. In this paper, we focus on the identification of a set of attributes and levels by 
specifically concentrating on the task of eliminating unacceptable attribute-levels. This is a major 
challenge when developing an approach to assess customer preferences (Wind/Mahajan 1997), 
because self-reports on unacceptable attribute levels are often considered unreliable 
(Scholz/Meissner/Decker  2010;  Yee  et. al.  2007). We address this question, concentrating on 
conjoint analysis, as this is the most popular approach used to assess customer preferences in 
practice (Green et al. 2001; Wittink/Cattin 1989; Wittink/Vriens/Burhenne 1994).  
Problems in defining an attribute and the corresponding levels for conjoint analysis arise 
when surveying the preferences of heterogeneous consumers. Here, a variety of possible levels 
should be assessed for each attribute in order to consider all existing needs. However, when 
considering many attribute levels in a study, some might be unacceptable to a decision-maker. 
Respondents might therefore use non-compensatory decision-making strategies. However, as all 8 
preference measurement approaches are based on a linear additive utility function, only 
compensatory decision-making rules should be applied by respondents in these approaches. Non-
compensatory decision-making should be avoided in order to ensure results transferability, for 
example, when estimating a product innovation’s market share. Ignoring unacceptable attribute 
levels will lead to biased estimates (Ford et al. 1989). Therefore, several common preference 
measurement methods, such as past versions of Adaptive Conjoint Analysis (ACA) and the 
newly developed Adaptive Choice Based Conjoint (ACBC), incorporate a two-step decision-
making approach. In the first step, these methods seek to identify possible causes for non-
compensatory decisions, eliminating unacceptable attribute levels.  
Two approaches to identifying unacceptable attribute levels have been proposed. Firstly, 
unacceptable attribute levels could be identified by directly asking respondents to indicate them 
(Louviere  1988). Secondly, unacceptable attribute levels could be identified indirectly by 
assessing the acceptance of several products (Yee et al.  2007). Here, respondents select 
alternatives that they would accept. Only these accepted alternatives are considered in a 
subsequent evaluation task. Alternatively, if a respondent repeatedly rejects alternatives that show 
a specific attribute level, then this level could be considered unacceptable. Other approaches 
based on evaluations of alternatives try to identify non-compensatory elimination rules in a single 
step with utility estimation (for an extensive overview, see Yee et al. 2007). What is shared by all 
these approaches is that respondents are not directly asked to indicate unacceptable levels.  
On the one hand, past research that considers direct approaches to identifying 
unacceptable attribute levels shows that this approach is problematic, as respondents might first 
state that a level is unacceptable, but then accept alternatives that show these levels (e. g., see 
Dorsch/Teas  1992;  Green/Krieger/Bansal  1988;  Klein  1987). On the other hand, ignoring 
unacceptable attribute levels might cause distorted market share estimates (Green et al. 1988; 
Netzer et al.  2008). Thus, considering non-compensatory decision-making processes are 
important for both research and practice (Yee et al. 2007). However, an approach that incorrectly 
identifies unacceptable attribute levels will also result in incorrect estimates. Later studies test the 
effect of alternative task descriptions used to identify unacceptable attribute levels (use of a 
strong or weak wording, see Klein 1987, Green et al. 1988, Mehta et al. 1992) and different 
decision contexts (isolated or non-isolated presentation of the attributes, see Klein  1987; 
Srinivasan  1988). Yet, all these changes seem to have little influence on the quality of the 9 
eliminated levels. Still, alternatives that show unacceptable attribute levels were accepted in a 
later stage of a survey (e. g., see Green et al. 1988).  
Recent developments also show that the problem of correctly identifying unacceptable 
attribute levels has not yet been solved. For instance, Scholz et al.  (2010) do  not consider 
unacceptable attribute levels at all because they consider current methods to survey unacceptable 
levels to be unreliable. Furthermore, the recent version of the ACA does not allow researchers to 
assess unacceptable attribute levels (Sawtooth  Software  2007). Thus the abovementioned 
approaches do not consider possible biases in the estimates caused by unacceptable levels (Netzer 
et al. 2008; Yee et al. 2007). Other newly developed approaches, such as the ACBC (Sawtooth 
Software 2009) or approaches such as proposed by Gilbride/Allenby (2004) or Yee et al. (2007), 
incorporate a two-stage decision-making process that accounts for unacceptable levels.  
In this paper, we test whether different evaluation tasks in identifying unacceptable 
attribute levels will cause different results. We therefore provide a theoretical explanation for 
differences between presentation formats and are able to show empirically that different 
presentation formats impact respondents’ decision making styles systematically.  
First, we make use of the results of research on consumer information search patterns. 
Past research has proved that attribute-based or alternative-based information processing 
strategies heavily influence preferences as well as the propensity to buy (i. e. to accept) a product 
(Mintz/Currim/Jeliazkov 2010). We test whether similar effects are relevant when identifying 
unacceptable levels.  
Second, since in practice direct and indirect evaluation tasks are used to identify 
unacceptable attribute levels we tested for these effects, too. Direct evaluations force decision-
makers to apply an attribute-based information processing strategy. Indirect approaches enable 
the respondents to use both alternative-based and attribute-based strategies. We therefore assume 
that identifying unacceptable attribute levels based on an indirect approach will better reflect real 
decision-making. This assumption is in line with Srinivasan (1988), who assumes that deploying 
a real product selection would avoid the problem of falsely identifying an attribute level as 
unacceptable. To our knowledge, previous studies have not compared direct and indirect 
approaches.  
This paper has theoretical as well as practical interests. We provide important insights on 
how to improve the first preference measurement step often used to identify (un-)acceptable 
attribute levels. This might prompt market researchers to more accurately address this problem in 10 
future studies, and our findings might influence the future development of preference elicitation 
techniques. Our paper might also prompt practitioners to pay more attention to the possible 
effects of ignoring and/or surveying unacceptable attribute levels within preference measurement. 
Based on our empirical findings, we conclude that market researchers should pay more attention 
when selecting an approach to identify unacceptable attribute levels. In a hypothetical case study, 
we show that predictions of, for example, future market shares can be heavily influenced by 
unacceptable levels. Ignoring unacceptable levels can distort estimated market shares. But falsely 
identifying too many attribute levels as unacceptable can also distort estimates. Thus, in both 
conditions, practitioners may derive inferior decisions from market research data.  
This article is organized as follows. In Sections 2 and 3, we provide a theoretical 
foundation that can be used to explain differences between direct and indirect approaches to 
surveying unacceptable attribute levels. We will then discuss previous research on identifying 
unacceptable attribute levels, and will combine these results with the theoretical findings in order 
to formulate hypotheses (Section 4). In the next section (Section 5), we provide insights into how 
unacceptable levels can influence marketing actions. In Section 6, we present the empirical 
studies’ results. In Section 7, we discuss our findings. 
2  INFORMATION PROCESSING STRATEGIES’ INFLUENCE ON 
PREFERENCE MEASUREMENT 
In preference measurement, every product is described by its determinant attributes and 
levels, i. e. only those attributes that are able to distinguish between alternatives should be 
addressed in preference measurement, because these attributes of products that share equal 
attribute levels do not influence choice decisions (Solomon et al. 2010). In a first step, researchers 
therefore define a set of attributes and levels that are relevant, i. e. they distinguish several 
offerings. 
This information, used to describe products, can be processed by decision-makers in an 
alternative-based or attribute-based manner. If a respondent mainly engages in alternative-based 
evaluations, then (s)he will process an option’s multiple attributes before considering another 
product. In contrast, a consumer could apply attribute-based information processing strategies. 
Here, (s)he will focus on one attribute and compare the attribute levels of several alternatives.  11 
Most preference elicitation techniques, such as conjoint analysis, are based on a weighted 
additive utility model, which assumes that information processing is based on alternative-based 
evaluations (Bettman/Luce/Payne 1998). The linear additive utility model, which is used in any 
conjoint analysis, assumes that consumers evaluate the importance of each attribute and assign a 
subjective value to each attribute level. When multiplying both values, one gets the part worth of 
an attribute level. The total utility of an alternative is defined by the sum of its part worths. Thus, 
the additive utility model assumes that a decision-maker examines each alternative separately. 
This will evoke an extensive, alternative-based, and compensatory decision-making strategy that 
involves trade-offs of all alternative levels of a product (Bettman et al. 1998). 
Compensatory decision-making  by consumers is a fundamental assumption of the 
weighted additive utility model. A decision-making strategy is compensatory if a good level for 
one attribute can compensate for a poor level of another attribute. The weighted additive utility 
model is thus based on trade-off decisions. Any kind of heuristic should be avoided. Trade-off 
decisions involve a deliberate and compensatory evaluation of all available alternatives. A 
heuristic is any approach used by a consumer to make a decision based on limited information 
processing and/or a limited complexity of comparisons. Heuristics are thus a shortcut when 
making decisions (Frederick 2002; Goodwin/Wright 2000). 
Trade-offs and heuristics are decision-making strategies that can be applied by consumers 
to evaluate alternatives and to decide which product to buy. Typical purchase decisions involve 
two stages: a non-compensatory stage followed by a compensatory stage. Consumers will first 
narrow down the alternatives by applying decision heuristics in order to identify acceptable 
products. They will then apply a compensatory decision strategy, i. e. they will trade off the 
remaining products’ alternative levels. 
Preference elicitation techniques assume that decision-makers will only apply 
compensatory decision rules. They are therefore only applicable for trade-off evaluations, i. e. 
decisions made by means of the second step. We therefore focus on identifying non-
compensatory decision-making strategies as a precondition to the assessment of preferences. 
Non-compensatory decision-making strategies are either evoked by: 
- the attribute levels within preference measurement, or 
- the evaluation task used to assess preferences (see Section 3). 
Next, we will first consider the use of non-compensatory decision rules due to the levels 
assessed in a study and will describe the influence of a choice task on the type of decision 12 
strategy used. The use of non-compensatory decision strategies is very common in most decision-
making situations. Here, a consumer will apply simple heuristics to define a set of feasible 
alternatives. Such heuristics should be avoided within preference measurement because they 
violate the basic assumptions of the additive utility model. Therefore, researchers should only 
focus on the attribute levels that their respondents are most likely to accept in this phase. 
However, prior to measuring preferences, market researchers have little or no information on the 
acceptance of alternative attribute levels. 
The attribute levels should then cover possible customer needs, i. e. the levels of each 
attribute should address all the relevant target groups of a product category in order to ensure that 
the results can be used to estimate a product innovation’s future market shares. However, 
consumer preferences might differ greatly in terms of the favourability of specific attribute levels. 
Purchasing a notebook is one example. Here, customer needs might differ greatly, depending on 
the product’s intended use. Customers who travel with a notebook will prefer a small display, 
while other people who use a notebook as a replacement for a desktop computer at home might 
prefer a large display. A 17-inch monitor might be unacceptable for frequent travellers, while a 
10-inch display might not be feasible for a laptop that is a replacement for a desktop computer. 
Thus, depending on the intended usage situation, either a 17-inch or a 10-inch monitor might be 
the most preferred, an acceptable or even an unacceptable level for the attribute display.  
As customer preferences are heterogeneous, several preference elicitation techniques seek 
to mimic real decision-making behaviour by incorporating a two-step approach into preference 
measurement (we will describe these methods in a subsequent section). Identifying unacceptable 
levels is a necessary precondition to correctly predicting consumer behaviour and thus ultimately 
correctly forecasting market share and new product success. Unacceptable attribute levels should 
therefore be considered within preference measurement. An attribute level is considered 
unacceptable if a customer will always reject an alternative, no matter how favourable the other 
attribute levels are.  
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2.1  THE CHOICE TASK’S INFLUENCE ON THE DECISION STRATEGIES 
APPLIED BY RESPONDENTS 
Past research shows that choice (i. e. the acceptance or rejection of an alternative) is 
influenced by the context, for example, the decision task (Bateman et al. 2000; Bettman et al. 
1998;  Häubl/Murray  2003;  Mintz/Currim/Jeliazkov  2010;  Slovic  2000;  Tversky/Sattath/Slovic 
2000; Tversky/Simonson 2000). Dhar/Nowlis (2004) show that subjects asked to make buy or no 
buy decisions are more likely to use alternative-based evaluations. Thus, the context influences 
how information is processed and also has an impact on the decision strategy used to evaluate 
alternatives or attributes (Bettman et al. 1998; Tversky et al. 2000). 
Probably the most direct evidence on this matter comes from Mintz et al. (2010). They 
show that the type of information processing strategy that a decision-maker uses influences his or 
her preferences as well as the propensity to buy a product, i. e. the acceptance of an alternative. 
Based on real purchase behaviour, they demonstrate that consumers that use an attribute-based 
information processing strategy are less likely to buy a product, i. e. they are less likely to accept 
an offer.  
The type of information processing applied (attribute-based or alternative-based) by a 
decision-maker influences the type of decision-making strategy applied by him or her, and thus 
also whether compensatory or non-compensatory evaluation is used. As noted, decision-making 
strategies differ in terms of the amount of information that is processed simultaneously. 
Processing information by alternative means, so that consumers evaluate all attributes of a 
product simultaneously and then evaluate the next alternative. Attribute-based processing 
strategies facilitate decision-making, because consumers only focus on one attribute (Bettman 
1979) when deciding whether or not an alternative is feasible. In real purchase decisions, 
consumers can apply an alternative-based, an attribute-based, or a mixed approach to identify 
products that meet their basic requirements. 
Tab.  1  provides an overview of decision rules that customers could use to choose 
products. Here, we focus on information processing rules, as they influence the type of decision 
strategy applied subsequently. As can be seen in  Tab.  1, both attribute-based as well as 
alternative-based information processing rules can evoke non-compensatory as well as 
compensatory decision strategies. When processing information on alternative products and 
eliminating alternatives that do not meet an individual’s requirements, a customer can apply 
decision rules based on attributes or alternatives.  14 
The approach used to identify unacceptable levels should therefore mimic real as well as 
possible decision-making, i. e. respondents should be able to use alternative-based as well as 
attribute-based information processing strategies, apply compensatory as well as non-
compensatory strategies, and be able to use heuristics as well as trade-offs. An approach that 
limits a respondent to one decision-making rule will generate distorted results. 15 
Decision rule Information 
processing 
based on 






- The alternative with the preferred level for the most 
important attribute is selected. If two alternatives show the 
same preferred level, then the second most important 
attribute is considered, and so forth. Other studies such as 
Yee et al. (2007) describe lexographic rules slightly 
differently. Here, alternatives are again evaluated based in 
an attribute-wise manner. For example, alternatives are 
evaluated based on the most important attribute, then based 
on the second most important attribute, and so on, until a 
decision is made. Both descriptions share the feature that 
evaluations are based on separate evaluations of attributes. 
Bettman et al. 
(1998); Kohli 
and Jedidi 
(2007); Yee et 






- The customer evaluates the alternatives based on the most 
important attribute, the products that do not meet basic 
requirements are eliminated, then (s)he evaluates the 
remaining alternatives in a similar manner for the second-
most important attribute etc.; the evaluation continues until 








- The customer evaluates the alternatives based on the most 
important attribute, but starts by selecting the most 
favourable level. The selection process ends for the least 
preferable but acceptable level. 






attributes  Compensatory 
strategy  
heuristic 
- Alternatives are processed in pairs for each attribute, and the 
alternatives with the most attractive attribute levels are 
retained; this option is then compared with the next product 









- Similar to the EBA approach, but alternative-based 
information processing is used. 
- The decision-maker defines cut-off levels for each attribute 
that must be met by an alternative; (s)he then rejects the 
alternatives that do not meet the basic requirements for all 
attributes. 







- Alternatives are evaluated sequentially in the order in which 
they are presented to the decision-maker, who selects the 






alternatives  Compensatory 
heuristic 
- A simplified version of the equal weight strategy, as each 
level is assumed to be equally preferred or not preferred. 
- Consumers count the number of positive and negative levels 
for each alternative to evaluate a product; negative features 








alternatives  Compensatory 
heuristic 
- A simplified version of the weighted adding strategy, as each 




alternatives   Compensatory 
strategy, 
trade-off 
- A consumer evaluates the attribute levels of an alternative 
and derives a total utility for the alternative; (s)he then 
evaluates the other products in a similar way and selects the 







Tab. 1: Overview of possible improvements for direct evaluation tasks 
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2.2  RESULTS OF PREVIOUS RESEARCH ASSESSING UNACCEPTABLE 
LEVELS 
Preference elicitation techniques that consider unacceptable levels often consist of at least 
two steps. In step 1, specific unacceptable levels are identified. Preferences are then assessed in 
step 2, and all unacceptable attribute levels are excluded from this part of the survey. In this 
second step, compositional as well as decompositional methods could be used to assess customer 
preferences.  
Compositional methods include approaches such as different variants of self-explicated 
analysis. Conjunctive Compensatory Self-Explicated Analysis (Srinivasan  1988) is a typical 
approach that considers unacceptable attribute levels in a first step; customer preferences are 
assessed in a subsequent step. Unacceptable attribute levels are identified based on direct 
evaluations by respondents, i. e. a respondent selects the attribute levels that (s)he considers 
unacceptable. 
Decompositional approaches are based on different types of conjoint analysis, such as 
traditional approaches or choice-based methods. Several procedures and also two commonly 
approaches (ACA and ACBC) consider unacceptable levels. ACA is a ‘classical’ approach that 
surveys preferences in three steps. First, unacceptable levels are identified by a direct evaluation 
task; in a second and third step, preferences are then assessed by a combination of compositional 
and decompositional methods. ACA thus also combines the self-explicated method with conjoint 
analysis (Green et al. 2001; Wittink et al. 1994). However, in the current version, it is no longer 
possible to implement a non-compensatory stage in the questionnaire (Sawtooth Software 2007). 
Not considering the effects of unacceptable levels might lead to biased estimates and ultimately 
to distorted predicted market shares (Yee et al. 2007).  
ACBC is another decompositional approach that includes a stage that seeks to identify 
unacceptable attribute levels. The respondent is first asked to create his or her ‘ideal’ product 
within a configurator (build-your-own task). Several alternatives are then presented in a second 
step (screener task). Here, unacceptable levels as well as must-have attribute levels are identified 
by assessing the acceptance of several products. Next, respondents are asked to confirm whether 
or not an attribute level is unacceptable by directly selecting the specific level (must-have levels 
are identified in a similar manner, i. e. respondents are asked to select a must-have level; here, all 
other levels are considered unacceptable). In a last step, respondents are asked to  select the 17 
preferred alternative from a given choice set. Here, standard choice-based conjoint analysis is 
applied (Sawtooth Software 2009).  
Concerning the approaches used to identify unacceptable attribute levels,  one can 
distinguish between direct and indirect methods. ACBC, for instance, is mainly based on indirect 
evaluations; unacceptable attribute levels are identified by analyzing decision patterns based on 
evaluations of the acceptability of alternatives
1 Fig. 1 .   shows an example for such an evaluation 
task. Srinivasan (1988) assumes that using a real product selection is an applicable approach for 
identifying unacceptable levels.  
 
Please mark which of the following mobile phone tariffs you would not buy (or buy).
“Completely unacceptable“ means that you would definitely reject the mobile phone tariff.
mobile phone tariff 1











mobile phone tariff 2











mobile phone tariff 8












Fig. 1: Example of the stimulus evaluation task (hypothetical situation) 
 
Many other approaches also use indirect evaluations to identify non-compensatory 
decision-making processes. Two types of groups can be identified. First, some approaches – such 
as those proposed by DeSarbo et al. (1996), Gilbride/Allenby (2004), or Jedidi/Kohli (2005) – do 
not assess unacceptable attribute levels in a two-step approach. Here, elimination processes are 
identified ex post at the same time as utility estimation (for an extensive overview of this group 
of approaches, see Yee et al. 2007). Here, consumers are required to make judgments about 
alternatives that are not relevant for them. These judgments are more demanding compared to 
simple decisions about whether or not an alternative is acceptable (Kohli/Jedidi 2007). Therefore, 
                                                 
1
Next, the ACBC also considers ‘must have’ levels, i.e. all alternatives are rejected if they do not show a specific level. Here, all 
other levels are defined to be unacceptable.  18 
another group of approaches uses a two-stage approach (as described earlier). Here, respondents 
first decide whether or not an alternative is acceptable (e. g., respondents are asked to select all 
acceptable products). Preferences are then assessed only for acceptable alternatives (Yee et al. 
2007). Thus, these two approaches are based on indirect evaluations. In this paper, we thus focus 
on approaches that incorporate a two-stage approach, as this procedure best mimics real decision-
making behaviour (see Section 2). 
Other approaches such as versions earlier than version 6 of the ACA, Conjunctive 
Compensatory Self-Explicated Analysis, etc. use direct evaluations to identify unacceptable 
attribute levels. Fig. 2 shows a typical example for such an evaluation task. 
 
Please mark the price per minute at which you would not consider the mobile phone tariff
anymore, because the price is too high and therefore completely unacceptable to you.
In case you consider all prices to be acceptable, please mark the respective box.
price per
minute
All prices are 
acceptable for me. 0.15 EUR 0.35 EUR 0.55 EUR 0.75 EUR
… is / are completely unacceptable for me.
 
Fig. 2: Example of the direct evaluation task for the research object perfume sample 
 
Several studies address the applicability of this direct approach (for an overview, see Tab. 
3 and Tab. 4 and). Past research shows that identifying unacceptable attribute levels based on 
direct evaluations is problematic. Dorsch/Teas  (1992) find that the attribute levels that were 
identified as unacceptable were accepted by 44 % of respondents when presenting stimuli that 
show this level. Klein (1987) also shows that 15 % of respondents accepted alternatives that 
included an unacceptable attribute level. Here, the approach used to identify unacceptable 
attribute levels does not improve the preference measurement results. Some studies show that 
considering unacceptable attribute levels does not enhance predictive validity (Klein  1987; 
Mehta/Moore/Pavia 1992). Other studies show that assessing unacceptable attribute levels within 
preference measurement might even decrease validity measures such as internal validity, i.e. the 
consistency of the answers in an interview (Green et al.  1988). Based on these findings, 19 
subsequent studies focus on improving the direct approach used to identify unacceptable attribute 
levels. 
Mehta et al. (1992) vary the wording of the evaluation task used to define unacceptable 
attribute levels. Green/Srinivasan (1990) point out that the meaning of unacceptable level should 
be clear to every decision-maker. Mehta et al. (1992) find that, when a definition of unacceptable 
is used in the direct evaluation task, fewer levels are identified as unacceptable. In contrast, 
Green et al. (1988) find little difference between both conditions. 
Furthermore, the context of the evaluation task can influence the applicability of this 
approach. One could use an isolated or non-isolated evaluation task when identifying 
unacceptable attribute levels. ACA used an isolated approach; here, the levels of each attribute 
were evaluated separately without presenting the levels of the other attributes. Thus, respondents 
lack complete information to assess the attribute levels. This might cause distorted results (Klein 
1987; Srinivasan 1988), because respondents simply do not know if the other attributes’ levels 
can compensate for an unfavourable level of the attribute assessed in an evaluation task. An 
evaluation task should therefore provide respondents with all the necessary information.  
Tab. 2 provides an overview of all direct approaches.  
 





-  Traditional approach: 
Respondents do not get an additional explanation of the consequences 
when defining an attribute level as ‘unacceptable.’ 
Weak wording 
-  Improvement: 







-  Traditional approach: 
Respondents sequentially evaluate the attributes’ levels; when assessing 
the levels of an attribute, the levels of the other attributes are unknown. 
Isolated approach 
-  Improvement: 
Respondents sequentially evaluate the attributes’ levels; when assessing 
the levels of an attribute, the levels of the other attributes are presented. 
Non-isolated approach 
Tab. 2: Overview of possible improvements for direct evaluation tasks 
 
Based on previous findings, we formulate the following hypotheses: 
H1: Respondents asked to identify unacceptable levels will more often reject a level if a weak 
wording is used in the evaluation task.  
H2: Respondents asked to identify unacceptable levels will more often reject a level if an 
isolated approach is used in the evaluation task. 20 
 
Tab. 3 and Tab. 4 provide an overview of the studies that have assessed the effects of 
different types of direct evaluation tasks. There is an interesting aspect that has not been 
addressed in previous research: the favourability of a direct evaluation task seems to depend on 
the method used to survey preferences. When using a self-explicated approach, which is a 
method based on direct evaluations, then the direct approach to identify unacceptable levels 
seems promising (see Tab. 4). However, when using decompositional approaches to measure 
preferences, a direct approach seems to lead to somewhat disappointing results (see Tab. 3).  
We therefore conclude that the favourability  of an approach to identify unacceptable 
attribute levels might depend on the preference elicitation technique used in subsequent steps. 
When using a self-explicated approach, respondents will again directly evaluate the favourability 
of several attributes. They will thus apply an attribute-based information processing rule in both 
steps (1: identifying unacceptable levels, 2: assessing preferences). When using a 
decompositional method such as conjoint analysis, respondents can use both strategies: an 
attribute-based and an alternative-based information processing rule. 
 21 







Study description  Preliminary findings 





-  Ballpoints and calculators as 
research objects. 
-  Two choice situations (self 
situation, gift situation), 
resulting in four scenarios. 
-  Using a strong wording 
when asking for 
unacceptable levels. 
-  15% of choices include alternatives with an 
unacceptable level. 
-  Predictive validity of conjoint analysis not 
affected by eliminating alternatives with 
unacceptable levels (i.e. elimination has no effect 
on first choice predictions). 










-  Student apartments as 
research object. 
-  Two groups to test the 
influence of weak and 
strong wording. 
-  Alternative with unacceptable attribute level 
chosen in 17.3% of cases in weak wording group 
and 14.8% in strong wording group; no dramatic 
reduction for strong wording. 
-  Lower internal validity results when not using 
respondents’ ratings and adopting a zero score for 
alternatives with an unacceptable attribute level. 
-  Lower predictive validity for both weak and 
strong wording (although predictive validity is 
considerably lower for weak wording). 
Mehta et al. 
(1992) 








-  Student apartments as 
research object. 
-  Two groups to test the 
influence of weak and 
strong wording. 
-  Fewer unacceptable levels with stronger wording.  
-  Alternative with an unacceptable level chosen in 
40% of the cases (44% in weak wording and 35% 
in strong wording groups); due to the 
experimental design, 58% of these cases give the 
respondent no choice but to choose an alternative 
with an unacceptable attribute level. 
-  Determination as unacceptable depends on the 
context (i.e. levels of the other attributes). 
Tab. 3: Studies using decompositional preference elicitation techniques in a second step 
 







Study descriptions  Preliminary findings 
Green (1984)   SIMALTO 
(simultaneous 
multi-attribute level 
























-  Coffee as research object. 
-  Comparison of the results with 
self-stated purchases. 
-  Only 0.3% of the sales volume used for 
brands with unacceptable levels. 
Notes:   
Weak wording means that no definition of unacceptable levels was provided to respondents. 
Strong wording means respondents know that any alternative including an unacceptable level should be rejected, regardless of the levels of any other attribute. 
Tab. 4: Studies using compositional preference elicitation techniques in a second step 
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Based on theoretical considerations and findings from previous research on attribute-
based and alternative-based processing rules (see Section 2), we conclude that the type of 
evaluation task will induce a specific information processing type. This will then influence 
preferences as well as the willingness to accept a level. 
When identifying unacceptable attribute levels by asking respondents to select them 
directly, decision-makers will only be able to use an attribute-based information processing rule, 
because no alternatives are presented. Thus, people might, for instance, apply an elimination-by-
aspects decision rule to identify unacceptable attribute levels. Such an attribute-based evaluation 
will focus attention to a feature’s specific levels. However, when focusing respondents’ attention 
to one single attribute or its levels, evaluations might be too sensitive, compared to decision-
making when choosing from a set of alternatives. Past research, for example, shows that directly 
assessing the willingness to pay will lead to different results compared to evaluations based on 
alternatives. Direct evaluations tend to increase sensitivity to attributes such as price –  for 
example, see Bateman et al.  (2000) on the effects of different response  modes on revealed 
preferences.  
When applying an alternative-based elimination rule, decision-makers will have to 
consider all features in order to evaluate products. Alternative-based evaluations might thus be 
more complex, compared to attribute-based information processing. As the focus is not on one 
single attribute but on several features simultaneously, consumers are more likely to accept 
products (Mintz et al. 2010), and thus also more likely to accept their specific levels. 
H3: Respondents that are only able to engage in attribute-based information processing are 
less likely to accept an attribute level, compared to respondents that can use attribute-
based and alternative-based processing strategies. 
2.3  THE MANAGERIAL RELEVANCE OF IDENTIFYING UNACCEPTABLE 
LEVELS IN PREFERENCE MEASUREMENT 
As noted above, it is commonly accepted that consumers often apply a two-stage decision-
making process when deciding on products (for an overview, see – for example – Bettman et al., 
1991). Consumers often use heuristics to form consideration sets, and in a second step only trade 
off those alternatives that seem acceptable (for an overview of these decision heuristics, see Tab. 
1). Therefore, neglecting unacceptable levels can distort the estimates derived from preference 23 
measurement. Unacceptable levels should therefore be removed at an individual level before 
assessing a consumer’s preferences. Removing unacceptable levels will also lead to shorter 
questionnaires, which might increase respondents’ motivation and also limit market research 
costs (Klein, 1986; Metha et al.; 1992). However, applying direct approaches also seem to lead to 
distorted results, because too many levels are identified as unacceptable.  
The following example provides more insights into how ignoring or falsely identifying too many 
unacceptable levels influences marketing actions. In order to present possible results of both 
mistakes ([1] not considering any or [2] considering too many unacceptable levels), we apply the 
the simplest type of conjoint analysis. In this simple, hypothetical example, we assess preferences 
for notebooks that can be described by the three attributes: display size (10 inch, 13 inch, 15 inch, 
and 17 inch), processor (entry-level, multimedia, high-speed), and price (300 USD, 500 USD, 
and 700 USD). In this example, we focus on the preferences of five respondents and demonstrate 
the influence of one unacceptable level. Here, we assume that a 17-inch display will be an 
unacceptable level for those respondents that want to be mobile. The ‘true’ preferences of the five 
respondents (r1 to r5) are presented in Tab. 5.  
 
    Respondents 
Attribute    r1  r2  r3  r4  r5 
Display  10-inch  0  0  0  0  0 
  13-inch  1  1  1  1  1 
  15-inch  2  2  2  2  2 
  17-inch  unacceptable  unacceptable  0  0  3 
Processor  entry-level  0  0  0  0  0 
  multimedia  2  2  2  2  2 
  high-speed  6  5  6  5  5 
Price  700 USD  0  0  0  0  0 
  500 USD  1  1  1  1  1 
  300 USD  2  3  2  3  2 
Tab. 5: True preferences of five respondents (scale: high values denote a high utility and low values little 
utility caused by an attribute level; utility values were scaled in a manner that the alternative 
with the highest value gets a value of 10 and the lea 
 
Tab. 5shows that a 17-inch laptop is unacceptable for respondent 1 and 2, i. e. any product that 
shows this attribute level will be rejected, no matter how favourable all the other attribute levels 
are. For respondent 3 and 4, a 17-inch display is not preferable; however, this level is also not 24 
completely unacceptable in the sense that this inferior level cannot be compensated. In contrast to 
the others, respondent 5 prefers a 17-inch laptop. 
Based on Addelman plans (Addelman, 1962),  16 alternatives can be constructed that are 
evaluated by the respondents within the conjoint analysis task. Here, consumers are asked to 
evaluate several alternatives on an 11-point rating scale (with scale points between 0 and 10). 
When not considering unacceptable levels, this will lead to the evaluations presented in Tab. 6. 
 
          Respondents 
Product  Display  Processor  Price    r1  r2  r3  r4  r5 
1  13-inch  multimedia processor  700 USD    3  3  3  3  3 
2  13-inch  entry-level processor  500 USD    2  2  2  2  2 
3  17-inch  entry-level processor  700 USD    0  0  0  0  3 
4  15-inch  multimedia processor  700 USD    4  4  4  4  4 
5  15-inch  entry-level processor  300 USD    4  5  4  5  4 
6  10-inch  high-speed processor  700 USD    6  5  6  5  5 
7  10-inch  entry-level processor  700 USD    0  0  0  0  0 
8  10-inch  entry-level processor  500 USD    1  1  1  1  1 
9  15-inch  entry-level processor  700 USD    2  2  2  2  2 
10  10-inch  multi-media processor  300 USD    4  5  4  5  4 
11  17-inch  multimedia processor  500 USD    0  0  3  3  6 
12  17-inch  entry-level processor  300 USD    0  0  2  3  5 
13  13-inch  entry-level processor  700 USD    1  1  1  1  1 
14  15-inch  high-speed processor  500 USD    9  8  9  8  8 
15  17-inch  high-speed processor  700 USD    0  0  6  5  8 
16  13-inch  high-speed processor  300 USD    9  9  9  9  8 
Tab. 6: Evaluations when not considering unacceptable levels 
 
Please note that respondent 1 and 2 rate all alternatives that show a 17-inch display with “0”. In 
this example, all respondents provide 100 % consistent answers, i. e. lower values of the internal 
validity indicate that the compensatory approach (the linear utility function) will lead to (at least 
to some extent) distorted results. The part worths for the attribute levels can be derived based on 
a regression analysis. Tab. 7 presents the results.  25 
    Respondents 
Attribute     r1  r2  r3  r4  r5 
Adjusted R
2  0.805  0.845  1  1  1 
Constant term  0.38  0.38  0.00  0.00  0.00 
Display  10-inch*  0.00  0.00  0.00  0.00  0.00 
  13-inch  1.00  1.00  1.00  1.00  1.00 
  15-inch  2.00  2.00  2.00  2.00  2.00 
  17-inch  -2.75  -2.75  0.00  0.00  3.00 
Processor  entry-level*  0.00  0.00  0.00  0.00  0.00 
  multimedia  1.50  1.63  2.00  2.00  2.00 
  high-speed  4.75  4.13  6.00  5.00  5.00 
Price  700 USD*  0.00  0.00  0.00  0.00  0.00 
  500 USD  1.00  0.88  1.00  1.00  1.00 
   300 USD  2.25  2.88  2.00  3.00  2.00 
Tab. 7: Estimated part worths when neglecting unacceptable levels; * denotes the reference level for each 
attribute 
 
In this simple example, compared to the ‘real’ preferences presented in Tab. 5, the estimated part 
worths of most levels are distorted for respondent 1 and 2 due to the unacceptable level of 17-
inch display. For example, respondent 1’s real preference for a, high-speed processor is 6, the 
estimated preference is 4.5. Thus, the unacceptable level of 17-inch display influences the other 
attribute levels’ values. Next, unacceptable levels also decrease the values for the internal validity 
(here, we presented the adjusted R
2). 
If unacceptable levels are identified upfront, then all alternatives described by these levels are 
excluded from the conjoint analysis’ evaluation task. Here, a direct approach to identify 
unacceptable levels might also lead to distorted results, because too many  levels might be 
identified as unacceptable. In our example, respondent 3 and 4 mistakenly define a 17-inch 
display as unacceptable. In the conjoint analysis task, for respondents 1 to 4, all alternatives that 
show a 17-inch display are removed; therefore, no utility values are estimated for this level. The 
estimated part worths are presented in Tab. 8. 26 
    Respondents 
Attribute     r1  r2  r3  r4  r5 
Adjusted R
2  1  1  1  1  1 
Constant term  0  0  0  0  0 
Display  10-inch*  0  0  0  0  0 
  13-inch  1  1  1  1  1 
  15-inch  2  2  2  2  2 
  17-inch          3 
Processor  entry-level*  0  0  0  0  0 
  multimedia  2  2  2  2  2 
  high-speed  6  5  6  5  5 
Price  700 USD*  0  0  0  0  0 
  500 USD  1  1  1  1  1 
   300 USD  2  3  2  3  2 
Tab. 8: Estimated part worths when directly assessing unacceptable levels; * denotes the reference level 
for each attribute 
 
In this example, considering unacceptable levels does not distort the estimated part worths, nor 
does it negatively influence the internal validity (the values for the adjusted R
2). However, if too 
many attribute levels are identified as unacceptable, then estimated marked shares are influenced. 
Tab. 9 provides an overview with estimates for market shares in a context where four products 
are on the market. The results show that the market share (values are based on the BTL rule) for 
the own product (here, a laptop with a 17-inch display) will be overestimated if no unacceptable 
levels are considered. If too many levels are identified as unacceptable, then results will also be 
distorted. In this example, the market share is (heavily) underestimated. 
 










Competitor 1  15-inch  multi-media   500 USD  31%  48%  34% 
Competitor 2  13-inch  multi-media   500 USD  25%  19%  28% 
Competitor 3  10-inch   entry level   300 USD  17%  23%  17% 
Own offer  17-inch  , high-speed   700 USD  27%  10%  21% 
Tab. 9: Estimated market shares for a market with four products 
 
In summary, when not considering any unacceptable attribute levels, or when considering 
too many attribute levels as unacceptable, predictions about future market shares are likely to be 27 
distorted. Predicting future sales volumes is important, for instance, when deciding on whether or 
not to launch a new product. For instance, the break-even analysis is based on assumed future 
sales volume. Also, the definition of the retail price might be affected by predictions on future 
sales (e. g. if one considers economies of scale). When not considering unacceptable levels, these 
predictions may be too high for products that show unacceptable levels, i. e. inferior investments 
may be realized and/or prices may be set too high. Market share predictions are too low for 
products without any unacceptable level. However, if too many levels are considered 
unacceptable, the opportunity of a profitable investment may be overlooked, as it seems that 
minimum levels concerning sales volume cannot be achieved. In contrast, if too many levels of 
competing products are identified as unacceptable in conjoint studies, then market share 
predictions for the own product will be too high. We therefore conclude that both, neglecting or 
identifying too many unacceptable levels in preference measurement will heavily influence 
marketing actions. 
3  EMPIRICAL STUDY 
We conduct two empirical studies to test the effect of direct and indirect evaluation tasks. 
Respondents are asked to decide whether or not they would accept an alternative within the 
indirect evaluation task (see Fig. 1). The alternatives that were evaluated by the respondents were 
created based on Addelman plans, which are commonly used for such experimental settings – see 
Addelman (1962) on the construction of alternatives.  
For the direct evaluation task, we use all four possible types of combinations (see Tab. 5 
and Fig. 2 for an example of an isolated task based on a weak wording). The evaluation task 
presented in Fig. 2 is the most frequently used approach to identify unacceptable levels; it has 
been  implemented in ACA, a  method widely used in market research practice (Green et al. 
2001). In contrast, a method could be based on a strong wording by providing respondents with a 
definition of unacceptable. By providing such additional information, one seeks to ensure that 
respondents understand the consequences of indicating a level as unacceptable. Here, we used the 
following wording: ‘completely unacceptable means you would definitely reject the [product] if 
it has this [attribute level],’ which indicates the non-compensatory character of completely 
unacceptable attribute levels. 28 
Next, we consider variations in the decision context. As noted, an isolated presentation 
format only shows the levels of the attribute that are evaluated, i. e. the respondent does not know 
the levels of the other attributes and is thus unable to make any trade-off between the levels of the 
evaluation task and the levels of other attributes (see Fig. 2). A non-isolated approach provides 
all information (attributes and levels) considered within the latter preference elicitation task, and 
thus enables the respondents to make a more informed decision (see Fig. 3). 
 
Please mark the price per minute at which you would not consider the mobile phone tariff
anymore, because the price is too high and therefore completely unacceptable to you.
Mobile phone tariffs might be characterized by the following further attributes:
attributes




Please imagine your “ideal“ mobile phone tariff, which consists of the preceding
attributes that can be combined absolutely free (i.e., Nokia with headset, Nokia without
headset, Siemens with headset, and Siemens without headset).
Please mark which prices per minute of your “ideal” mobile phone tariff now are
completely unacceptable to you (you may choose multiple answers). If you consider all
prices acceptable, please mark the respective box.
price per
minute
All prices are 
acceptable for me. 0.15 EUR 0.35 EUR 0.55 EUR 0.75 EUR
… is / are completely unacceptable for me.
 
Fig. 3: Direct evaluation task, non-isolated presentation 
 
Each study consists of five experimental groups. Both studies (Study 1 and Study 2) 
address the hypotheses H1, H2, and H3 to test the stability of our results. Here, we use all four 
types for the direct evaluation task. Tab. 10 provides an overview of the two studies.  
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  Study 1: 
Mobile phone tariff 
Study 2:  
Vacation job  























  Weak wording, isolated presentation 
(traditional approach)  x  x 
Weak wording, non-isolated presentation  x  x 
Strong wording, isolated presentation  x  x 
Strong wording, non-isolated presentation  x  x 
Tab. 10: Overview of the studies and methods assessed 
 
In these two studies, we use two different research objects (mobile phone tariff and 
vacation job) in order to assess our results’ stability. In our empirical study, we survey students. 
The research objects were defined based on a pre-study in order to ensure that all respondents are 
familiar with these research objects.  
Next, the attribute levels were also defined based on a pre-study’s results. Here we 
identify typical attribute levels considered by our respondents when deciding on a mobile phone 
tariff or a vacation job. This approach ensures that the attributes and their specific levels match 
our decision-makers’ preferences. However, in order to assess the effect of different methods, we 
manipulated the levels for one attribute in each set. Here, we added one attribute level that seems 
very favourable (e. g., an hourly wage of 10 EUR) and that almost everyone will accept as well as 
one level that seems very unfavourable (e. g., a very low hourly wage) and that will be rejected 
by almost everyone. We do not expect to find differences between the methods for these extreme 
attribute levels that define an attribute’s bandwidth. The levels between these extremely 
favourable and unfavourable attribute levels were defined based on the approach used most often 
in preference measurement. Here, equally spaced levels that encompass the relevant range were 
used (Darmon/Rouziès  1989). We expect that different approaches will cause different 
acceptance rates for these intermediate attribute levels.  
In our subsequent analysis, we focus on the one attribute that was manipulated to ensure 
the presence of unacceptable levels. In Study 1, we therefore focus on the price per minute. In 
Study 2, we vary the level for the attribute ‘hourly wage’ to allow for unacceptable levels.  
As stated above, we used a student sample and paper-and-pencil questionnaires to assess 
the hypotheses. All respondents were either Bachelor or Master’s students from a German 30 
university, they were recruited in lectures. In total, we survey 232 business students that were 
randomly assigned to  the experimental groups (between-subject-design). Each questionnaire 
consists of both research objects. We use a between-subject experimental design to test the 
hypotheses, i. e. each respondent evaluates only one condition for both research objects. 
In the next sections, we describe the two studies’ results. Here, we focus on analyzing and 
comparing the rejection rates of levels between the groups assessed within a study. We then 
summarize our findings. 
3.1  Study 1: Mobile Phone Tariffs 
The research object ‘mobile phone tariffs’ was described by the three attributes ‘brand of 
the mobile phone included,’ ‘headset,’ and ‘price per minute’ (see Tab. 11). These attributes were 
selected based on a pre-study in order to ensure that they discriminate between the offers (we 
used the attributes that were the most relevant features). The levels were also defined based on 
the results of a pre-study and selected in order to cover the relevant bandwidth of levels for our 
sample. 
Concerning the attribute ‘brand of the mobile phone included,’ we consider a 
characteristic of the German mobile phone market. Here customers will receive a ‘free’ mobile 
phone when they sign a contract for 24 months. We consider the brands Nokia and Siemens. 
Mobile phone service providers sometimes offer special ‘gifts’ such as headsets when signing a 
contract. Here we consider whether or not a headset was included. 
Finally, we assessed ‘price per minute’ for telephone calls from mobile phones. In 
addition to  typical market prices, we also added price levels that are very likely to be 
unacceptable. 
Our approach of selecting attributes and levels therefore ensures that the attributes 
selected were relevant at the time of the interviews and that their levels are very likely to be 
acceptable for all respondents, except for one attribute, which was systematically manipulated in 
order to ensure unacceptable levels. In Study 1, we manipulated the attribute ‘price per minute’ 
for a phone call. 
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Attributes  Attribute levels 
Brand of the mobile phone  Nokia, Siemens 
Headset  Included, not included 
Price per minute  0.15; 0.35; 0.55; 0.75 
Tab. 11: Attributes and levels assessed in Study 1 
 
Based on the rejection rates presented in Tab. 12, we can test H1. Tab. 12shows the 
results of four experimental groups. To ensure results comparability, we assess the rejection rates 
in questionnaires that only differ concerning the wording, i. e. we compare the differences 
between two respondent groups that were exposed to an isolated context and two groups that 
were exposed to a non-isolated condition. 
H1 assumes that respondents more often reject a level if weak wording is used. The 
results in Tab. 12 confirm this hypothesis. Please note that the evaluations for the extreme points 
(0.15 EUR and 0.75 EUR) are – as expected – similar because we used attribute levels that were 
highly desirable for the positive pole and highly undesirable for the negative pole of the 
bandwidth. However, differences were found for the two intermediate levels 0.35 EUR and 
0.55 EUR. Especially for the level 0.35 EUR, we observe huge differences. When using a weak 
wording, rejection rates will increase for this level. We can therefore confirm H1. 
 
    Attribute levels (EUR per minute) 
    0.15  0.35  0.55  0.75 
Isolated 
presentation 
Weak wording (n = 42)  2.4%  47.6%  92.9%  97.6% 
Strong wording (n = 51)  2.0%  37.3%  88.2%  98.0% 
Difference  0.4%  10.3%  4.7%  -0.4% 
           
Non-isolated 
presentation 
Weak wording (n = 44)  4.5%  56.8%  93.2%  95.5% 
Strong wording (n = 46)  2.2%  30.4%  87.0%  95.7% 
Difference  2.3%  26.4%  6.2%  -0.2% 
Tab. 12: Study 1: Effect of wording: Rejection rates concerning the levels of the attribute ‘price per 
minute’ 
 
Next we test whether the decision context influences the acceptance of attribute levels. In 
H2, we postulate that respondents will more often reject levels in an isolated presentation format. 
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    Attribute levels (EUR per minute) 
    0.15  0.35  0.55  0.75 
Weak wording  Isolated presentation (n = 42)  2.4%  47.6%  92.9%  97.6% 
Non-isolated presentation (n = 44)  4.5%  56.8%  93.2%  95.5% 
Difference  -2.1  -9.2  -0.3  2.1 
           
Strong wording  Isolated presentation (n = 51)  2.0%  37.3%  88.2%  98.0% 
Non-isolated presentation (n = 46)  2.2%  30.4%  87.0%  95.7% 
Difference  -0.2  6.9  1.2  2.3 
Tab. 13: Study 1: Effect of context: Rejection rates concerning the levels of the attribute ‘price per 
minute’ 
 
Based on the results in Tab. 13, we see that the context seems to have less influence on 
the (non-) acceptance of attribute levels compared to the effect of the wording. The differences 
for the price-level ‘0.55’ EUR/minute are small. Next, for the level ‘0.35’ and a weak wording 
we even observe an opposing effect. Here, contrary to our assumptions, rejection rates are higher 
in a non-isolated context. We are therefore unable to confirm H2. 
Next, we assess differences between the direct approaches and the indirect method to 
identify unacceptable attribute levels. In H3, we assume that respondents that are only able to 
apply attribute-based information processing rules are less likely to accept an attribute level. Tab. 
14 presents the rejection rates for the indirect presentation format. 
    Attribute levels (EUR per minute) 
    0.15  0.35  0.55  0.75 
Stimulus evaluation (n = 31)  0.00  22.6%  83.9%  96.8% 
Tab. 14: Study 1: Stimulus presentation: Rejection rates concerning the levels of the attribute ‘price per 
minute’ 
 
In order to assess H3, we compare the rejection rates for the attribute levels based on 
indirect evaluations with the rejection rates for the direct approaches. In Tab. 15, we present the 
differences caused by using a direct (as opposed to an indirect) approach. Higher values denote 
that a level is rejected more often when using a direct approach. We see that using a direct 
evaluation task increases the rejection rate. We are therefore able to confirm H3. 
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    Attribute levels (EUR per minute) 
    0.15  0.35  0.55  0.75 
Weak wording  Isolated presentation  2.4  25.0  9.0  0.8 
Non-isolated presentation  4.5  34.2  9.3  -1.3 
         
Strong wording  Isolated presentation  2.0  14.7  4.3  1.2 
Non-isolated presentation  2.2  7.8  3.1  -1.1 
Tab. 15: Study 1: Differences of direct approaches compared to the indirect identification of unacceptable 
levels 
3.2  Study 2: Vacation Job 
We will now assess preferences for the research object summer ‘vacation job.’ 
Respondents received a detailed job description to ensure that they are able to evaluate alternative 
job offers and their specific levels. Here, respondents were told that they would work in a hotel 
close to the beach in Malta. They would work for 8 hours a day and for a period of three weeks, 
they would get free accommodation for an extra week that they could use for leisure. The work 
would involve administrative activities (e. g., organizing events). Tab. 16 shows the attributes 
and levels assessed in Study 2. 
Here, we manipulate the attribute ‘hourly wages.’ Again, we assume that we will find few 
differences between the extreme levels that define this attribute’s bandwidth (extreme levels are 
10 EUR and 2 EUR). Thus, we again focus on the intermediate levels.  
 
Attributes  Attribute levels 
Catering  All-inclusive, not inclusive 
Accommodation  Close to the beach, not close to the beach 
Free sightseeing tours  Included, not included 
Hourly wage  10 EUR; 8 EUR; 6 EUR; 4 EUR; 2 EUR 
Tab. 16: Attributes and levels assessed in Study 2 
 
We assess H1, i. e. we test whether using a weak wording increases rejection rates for the 
attribute levels. Tab.  17  presents the rejection rates. We find little difference caused by the 
wording and are thus not able to confirm H1. 
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      Attribute levels (EUR per hour) 
    10   8   6   4   2  
Isolated 
presentation 
Weak wording (n = 42)  0.0  9.4  37.7  84.9  98.1 
Strong wording (n = 51)  0.0  4.2  35.4  83.3  95.8 
Difference  0.0  5.2  2.3  1.6  2.3 
             
Non-isolated 
presentation 
Weak wording (n = 44)  0.0  2.2  28.9  80.0  93.3 
Strong wording (n = 46)  0.0  1.8  25.0  71.4  92.9 
Difference  0.0  0.4  3.9  8.6  0.4 
Tab. 17: Study 2: Effect of wording: Rejection rates concerning the levels of the attribute ‘hourly wage’ 
 
Next, we assess whether the context might influence respondents’ decisions on the 
acceptance of attribute levels. We find that the presentation format seems to have a systematic 
influence, although this influence seems to be small (see Tab. 18). We therefore do not confirm 
H2. 
 
      Attribute levels (EUR per hour) 
    10   8   6   4   2  
Weak wording  Isolated presentation  0.0  9.4  37.7  84.9  98.1 
Non-isolated presentation  0.0  2.2  28.9  80.0  93.3 
Difference  0  7,2  8,8  4,9  4,8 
             
Strong wording  Isolated presentation  0.0  4.2  35.4  83.3  95.8 
Non-isolated presentation  0.0  1.8  25.0  71.4  92.9 
Difference  0  2.4  10.4  11.9  2.9 
Tab. 18: Study 2: Effect of context: Rejection rates concerning the levels of the attribute ‘hourly wage’ 
Next, we again assess differences between direct evaluations and the indirect approach to 
identify unacceptable attribute levels. Rejection rates for the attribute ‘hourly wage’ are presented 
in Tab. 19. We compare these rejection rates for the direct approaches with the results from the 
indirect approaches (see Tab. 20). As in Study 1, we again observe huge differences between 
direct and indirect approaches. We are thus able to confirm H3: rejection rates decrease when 
using an alternative-based evaluation task that enables respondents to use attribute-based and 
alternative-based information processing rules.  
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      Attribute levels (EUR per hour) 
    10   8   6   4   2  
Stimulus evaluation (n = 49)  0.0  0.0  4.1  51.0  73.5 
Tab. 19: Study 2: Stimulus presentation: Rejection rates concerning the levels of the attribute ‘hourly 
wage’ 
 
      Attribute levels (EUR per hour) 
    10   8   6   4   2  
Weak wording  Isolated presentation  0  9.4  33.6  33.9  24.6 
Non-isolated presentation  0  2.2  24.8  29.0  19.8 
             
Strong wording  Isolated presentation  0  4.2  31.3  32.3  22.3 
Non-isolated presentation  0  1.8  20.9  20.4  19.4 
Tab. 20: Study 2: Differences of direct approaches compared to the indirect identification of unacceptable 
levels 
4  SUMMARY 
In order to assess customer preferences, market researchers should consider unacceptable 
attribute levels, which are very likely to distort estimates and thus decrease the results’ 
capabilities to correctly predict future market shares and new product innovation success (Yee 
et al. 2007). In this paper we show, in a simple example, that not considering unacceptable levels 
in preference measurement will very likely lead to distorted estimates. As a result, predictions 
about the future market share (and thus future sales and possible prices) might be too optimistic if 
the own product shows unacceptable levels or might be too pessimistic if competing products 
involve unacceptable levels. Various studies therefore indicate the need to identify completely 
unacceptable attribute levels on a individual level before measuring preferences –  for an 
overview, see Klein (1987) or Mehta et al. (1992). However, considering too many levels as 
completely unacceptable, also distorts the estimates, with predictions about the future market 
share will lead to inferior management decisions. On the one hand, product managers may launch 
inferior products if competing products seem to be unacceptable but consumers are actually 
willing to buy them. On the other hand, marketing managers might also miss a profitable 
investment when a product seems unacceptable but is not. Thus, it is important to consider 
unacceptable levels, but the approach one uses to identify these levels should be conservative, 
i. e. not too many levels should be excluded from preference measurement. 36 
Several common preference measurement methods enable a researcher to identify 
unacceptable attribute levels. Within direct evaluation tasks, decision-makers are asked to 
evaluate all attribute levels’ acceptance separately. Here, respondents can only apply an attribute-
based information processing strategy. As direct evaluation tasks do not enable decision-makers 
to trade off the presented levels of specific attributes, non-compensatory decisions when 
identifying unacceptable levels are more likely. However, later evaluation tasks such as conjoint 
analysis ask respondents to evaluate alternatives. In such a context, consumers can apply both 
attribute-based and alternative-based information processing strategies. It is therefore not 
surprising that implementing a task to identify unacceptable levels is still considered problematic, 
because too many levels are identified as unacceptable based on direct approaches (Dorsch/Teas 
1992; Klein 1987). As a result, one of the most common methods, the ACA, which employs 
direct evaluation tasks, no longer allows a researcher to consider non-compensatory decision 
rules. This avoids problems of mistakenly identifying levels as being unacceptable. However, not 
considering any non-compensatory decision rules might –  as noted –  bias the results, as 
consumers often use such heuristics (Kohli/Jedidi 2007).  
Our empirical study shows that recent approaches (such as the ACBC) based on indirect 
evaluation tasks, which can be used to identify unacceptable levels, seem promising as they 
consider possible non-compensatory decisions and fewer levels are considered unacceptable by 
respondents.  
We test whether or not an indirect (i. e. alternative-based) evaluation task could influence 
results in a way that eliminates fewer attribute levels from a study. From a theoretical 
perspective, we provide an overview of compensatory and non-compensatory decision-making 
strategies and show that they can be based on attribute-based as well as alternative-based 
information processing rules. Based on the results of two empirical studies, we conclude that the 
wordings as well as the type of context have little influence on attribute levels’ acceptance. This 
effect is limited and not robust. However, we find major differences when considering the 
evaluation task type. When using a direct approach to identify unacceptable attribute levels, 
respondents reject the levels more often, compared to an indirect approach based on evaluations 
of several alternatives. As a result, we are able to confirm that evaluation task type strongly 
influences the results of methods that seek to identify unacceptable attribute levels.  
These findings are relevant for scholars, market researchers, and marketing managers. 
Scholars should be aware of these results when developing new approaches to measure customer 37 
preferences. Market researchers and marketing managers should be aware that market share 
predictions are distorted (too optimistic or too pessimistic) when one neglects possible 
unacceptable levels. However, even when considering unacceptable levels, product managers 
may, depending on the product, introduce inferior offers or forgo profitable investments if 
decisions are based on preference data from methods that directly assess unacceptable attribute 
levels. We therefore conclude that practitioners should pay closer attention to newly developed 
approaches such as the ACBC that allow market researchers to identify possible unacceptable 
levels based on product acceptance data.  38 
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